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Abstract

Inspired by an applied model arising from electric power markets with price caps that
is discussed in a previous paper [3], this paper studies the Nash equilibrium problem in
which the minimizing players’ objective functions are sums of composite separable con-
vex piecewise quadratic functions. Based on a fundamental but previously not proven
equivalence between a separable convex piecewise quadratic program and a standard con-
vex quadratic program, we show that the nonsmooth Nash equilibrium problem can be
equivalently reformulated as a generalized Nash equilibrium problem with coupled linear
constraints. We establish the convergence of a sequential penalized Nash algorithm for
solving the reformulated generalized Nash problem under a boundedness condition.

Key words: Piecewise quadratic program, Nash-equilibrium, sequential penalized Nash
algorithm
Mathematics Subject Classification: 90C20, 91A06, 91B50

1 Introduction

In a recent paper [3], a Nash-Cournot oligopolistic production model describing an electric
power market where the regional prices of electricity sales are subject to caps was formulated
and analyzed. This model leads to a Nash equilibrium problem where the players’ objective
functions are piecewise quadratic functions in the decision variables. Seemingly rather simple,
the model raises several computational questions that have not been formally investigated prior
to the cited work. Whereas these questions were settled affirmatively therein, due to their
fundamental nature, we feel that the questions need to be addressed in a broader context.
This constitutes the primary objective of the present paper.

Specifically, this paper deals with a standard Nash equilibrium problem [2, Subsection 1.4.2]
where each player’s objective function is piecewise quadratic (but of a special type) in all play-
ers’ decision variables and the players’ strategies are compact polyhedra. While the existence
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of an equilibrium solution is trivial, the computation of such an equilibrium solution is a chal-
lenge to the state of the art. Indeed, the piecewise quadratic nature of each player’s objective
function identifies the player’s problem as a nonsmooth optimization problem; as such, all
existing methods for computing equilibria via the variational inequality (VI) approach [2] are
in jeopardy because there is no single-valued formulation of the first-order conditions of an
equilibrium solution. As a matter of fact, all methods that depend on such a formulation are
invalidated by the nondifferentiability of the players’ objectives. Moreover, the multi-valued
VI formulation is not applicable either, because simple examples can easily be constructed (see
e.g. [3, Example 1]) to show that the defining mapping of such a VI is not monotone. Without
such overall monotonicity, no methods exist that can solve the resulting multi-valued VI of the
Nash game.

Exploiting the special structure of the applied model, the reference [3] establishes a fun-
damental complementarity formulation of the nonsmooth Nash-Cournot equilibrium problem
with price caps and shows that the well-known Lemke pivoting method [1, 4] can successfully
compute an equilibrium solution with a certain restricted multiplier property. In this paper, we
analyze the piecewise quadratic Nash equilibrium problem more fully. In order to better mo-
tivate our approach, we digress to give a brief historical account of separable convex piecewise
quadratic programming, which is a special class of monotropic programs [8].

It is a well-known elementary fact that a separable convex piecewise linear program is
equivalent to a standard linear program. While there has been extensive investigation of
piecewise quadratic programming [5, 6, 9, 10, 11, 12, 13, 14], especially in the context of
“linear-quadratic programming”’, the extension of the mentioned fact to a separable convex
piecewise quadratic program has never been formally established in the literature (although it
is natural for one to conjecture its truth). This is not without a reason. Indeed, the conversion
appears to be of more conceptual significance than practical appeal. Our contention is that
while such an equivalent smooth reformulation of a piecewise quadratic program may not
be particularly noteworthy in an optimization context, it in fact offers a viable approach for
dealing with the piecewise quadratic Nash equilibrium problem.

Beginning with a formal proof of the aforementioned equivalent reformulation of a separa-
ble convex piecewise quadratic program to a standard convex quadratic program, this paper
describes a sequential penalized method for computing an equilibrium to a Nash equilibrium
problem with separable composite convex piecewise quadratic player objective functions. Our
treatment extends that of the special model in [3] and follows a different path. Indeed, via
a penalization of the “coupled constraints” in the resulting equivalent smooth formulation of
the nonsmooth Nash problem, a technique first proposed in [7] for a generalized Nash game,
we no longer need to rely on the “common multiplier” formulation that restricts the class of
equilibria to be computed.



2 Piecewise Quadratic Programs

We begin by considering a separable convex piecewise quadratic program of the form:

n
minimize Z pi(x;)
1=1

(1)

subject to z € X,

where X is a polyhedron in " and each p; is a convex piecewise quadratic function of one
variable, which we write as

% a; 0 12 + b@ot + ¢i0 if teg ( —00, Oé@()]
pl-(t) = %ai,j t2+bz~,jt+cz~,j if te [aiyj_l,ai,j], j=1...,m
S Wi 2+ bt + Cimgr it € [, 00),

where
—00 < a0 < 51 < .. < Q< OO

is a partition of the real line into m + 2 consecutive closed intervals, within each of which p; is
quadratic; the constants {a;0,a;1,...,aim} and {b;0,bi1,...,bim} satisfy

(continuity) — Fajjaf; +bijoij + cij = pi(eij) = 5ai 1107, + bijricij + cijn
forall j =0,1,...,m;
(convexity-1)  a;joyj 4 bij = pi(ai;—) < pj(Qij+) = aijr1065 + biji1
forall j =0,1,...,m;
(convexity-2)  a;0, @1, ---, Qim, Gim+1 all nonnegative.
with p/(c; j—) and p/(c; j+) denoting the left- and right-derivative of p;(t) at the breakpoint

o j, respectively; i.e.,

pi(a; j—) = lim Pil@ij) = pil@ig = 7) and  pj(a;;+) = lim Pi(@ij +7) _pi(ai’j).
710 T 710 T

Our goal is to show that, upon a change of variables, the convex piecewise quadratic program
(1) is equivalent to a standard convex quadratic program. For this purpose, we let, for each

i=1,...,nand j =0,1,...,m+ 1, y; ; denote the portion of z; in the interval [o; j_1, ],
where o; _1 = —00 and «; 41 = 0o. The variables y; ; satisfy the following conditions:
0 < aij—vij L yij+1 >0, Vji=0,1,...,m, (2)
where
. Oéz‘,O ifj =0
Qij = e
CMZ'J' — ai,jfl lf] = 1, e, M.



In terms of the auxiliary variables y; ;, we can write

m+1 m+1
v =Y vij i) = piyio) + Y [%a’i,j yi;+ i (1) vig | (3)
j=0 J=1

where
pij(t) = 3aijt? +bijt+cy, j=1...,m+1

is the quadratic function that coincides with p;(t) on the interval oy ;_1,q;;]. Indeed, if x;
belongs to o k—1, ;) for some k= 1,...,m+1, then y; ; = &;; for all j =0,1,...,k—1,
Yik = i — o p—1, and y; o =0 for all £ =k +1,...,m + 1; thus,

pilei) = Faipa?+bigwi+cip = pilair-1) + (g oir—1 + ik )ik + 3 Gryl,
= pi(Qik—1) +p; p(Qik—1) Yix + 3 ik y?k,
inductively, it can be shown that

pi(ik-1) = pi(@ik—2) + 0l 1(Qik—2)Yik—1+ 30k 1Y] 5
k—1

= - = pi(aip) + Z [%ai,j 912] +pij(ii-1)vij |,
=1

e

from which the representation of p;(x;) in (3) follows readily. Consequently, (1) is equivalent
to the following quadratic program with linear complementarity constraints:

n m—+1
minimize Z pi(yip) + Z [%ai,j %2] +pi j(@ij-1) Vi
=1 j=1
m+1 (4)
subject to x; = Z Yij, 1=1,..,n; x € X
j=0
and 0<L am- —Yij 1 Yij+1 > 0, VJ = 0,1,... , M.
Note that for any given x, there exists a unique set of {y;;, i = 1,..,n;j = 0,...,m + 1}
m+1
satisfying (2) such that z; = Z Yi,j, and thus (3) holds. We call this set of variables y; ; the
j=0

piecewise decomposition of x.

The following result shows that the orthogonality constraints can be dropped from the
program (4).



Proposition 1 The two programs (4) and (5), where

n m+1

minimize Z pi(yio) + Z [%ai,j ?J?] +pz‘/,j(ai,jfl) Yij
i=1 j=1
m—+1
subject to x; = Z Yij, t=1,.,n; x € X (5)
j=0
0 < Qij—yiy )
and vi=0,1,...,m.
0 < wij+1

have the same optimal objective value, which is possibly —oco. In particular, if an optimal
solution to (5) exists, then there exists an optimal solution (x,{y;;}) to (5), in which {y; ;}
is the piecewise decomposition of x. Obviously, this solution satisfies the complementarity
conditions (@ ; — ¥i;)¥ij+1 = 0 for all ¢ = 1,...,n and j = 1,...,m and is therefore an
optimal solution to (4).

Proof. It suffices to show that for any feasible solution (x,y) to (5), there exists y such that
(z,7y) feasible to (4) such that, for all i = 1,...,n,

m+1 m+1
pi@i0)+ > Ham- 72, +pif7j(ai7j,1)gji,j] < pilvio)+ Y [%am Yi +Pi’7j(ai,jfl)?/i7j]. (6)
j=1 J=1

Once this is established, the proposition follows.

For a given feasible solution (z, {y; ;}) to (5), let {¥;;} be the piecewise decomposition of .
In turn, to establish the inequality (6), it suffices to show that if 6, = min(@; k —vik, Yik+1) > 0
for some k = 0,1,...,m, then letting y; ; = v, ; for all j except for y;, = yir + 0 and
Ui k+1 = Yik+1 — Ok, we have

m—+1 m—+1
Pi@i0)+ > [%am s +pi’7j(ai7jfl)?7i7j] < pilyio)+ Y [%am Y7 +p;’j(az’,j71)yz',j] - (7)
j=1 J=1

Suppose k = 0. The above inequality reduces to
Pi(@i0) + 5 ain U2+ pl1 (o) Uin < piwio) + 5 a1 v + pia (o) via- (8)
Consider the convex quadratic function in §:
cio+bio(Yio+6)+3ai0(yio+0)*+ 5ain(yi1—6)? +p; (i) (Y1 —9),

which is equal to the right-hand side of (8) when § = 0 and equal to the left-hand side when
0 = 0p; the minimum of this function is attained at

(big +aiiai0) — (bio + aioaio) + a1 i + aio (o — Yio)
a; 0+ a1

> 50)

5O,min =

5



where 6omin is defined to be oo if the denominator is zero. Therefore, (7) holds with § = dy.
Suppose k > 0. The inequality (7) reduces to
5 @ik e + DL (k1) ik + 5 ki1 Uegn + 0 pyr (k) Uik
< % Qik yZQk + pi/,k:(aiv’ffl) Yik + % @i k+1 yz‘?k-i—l + pz‘/,k;+1(0‘i,k) Yik+1-
Consider the convex quadratic function in §:
% Qi.k (yz‘,k +4) 2 +pi/,k(ai,k*1) (yix + §)+ % Qi k+1 (yi,k+1 —0) 2 +Pi/,k+1(0%,k) (Yiky1 — 90 ),

whose minimum is attained at

(big+1 + ipr1oin ) — (Dig + ik ) + Qi k1 Yik+1 + @ik (Qik — Yik)

Qi ke + Qi f+1
For the same reason as before, (7) holds with § = dj. O

6k,min = > 61%

Proposition 1 is easily applicable to a composite separable convex piecewise quadratic
program of the form: for some integer n’ > 0,

n/
minimize Zpi ((eNTz + f)
Pt (9)
subject to x € X,

where each e’ is an n-dimensional vector and f; is a scalar. Indeed, (9) is clearly equivalent to

n/
minimize sz'(tz')
subject to z € X,

ti = (HTx+fi, i=1,...,n',

which is in the form of (1) in the variables (x,t) € ®*+"". The discussion so far forms the basis
for extension to a Nash equilibrium problem in which each player solves a convex nonsmooth
optimization problem of the form (9); in this case, complication arises because the constraints
of the equivalent smooth program (10) contain the rival players’ strategies. This feature turns
the resulting game into one of the generalized type. Another consideration is how the rivals’
strategies enter into each individual player’s piecewise quadratic objective function. Details
are discussed in the next section.

3 The Nash Equilibrium Problem

Consider a Nash equilibrium problem with N players each labeled by v = 1,..., N. Player v’s
optimization problem is to determine a strategy x* € R™ to

minimize 0,(x) = Zpiy ((Gy’i)T$+fiy’x_V) (11)
i=1

subject to ¥ € XV



for fixed but arbitrary 7" = (3:” /) ., € H X", where z = (2" )]szl is the concatenation
v'#v Vit
of all the players’ strategies, each X" is a polyhedron in R™, e

' is a vector in R", with

N
n= E ny, [ is a scalar, and p/(-,x7") is a convex piecewise quadratic function of one
v=1

variable given by

%az‘y,ot2+bilfo($_y)t+cz"fo if te (—o0,a/]

prta ) = { Sal P+ bl (@) t+cl if telaf_yal]j=1,..m¢
1 _ .
5 Oy 1 82+ b (@) ey it € [0l 00),

where
v v v
_Oo<azo<all<<almu<oo
) ) s

is a partition of the real line into m; + 2 consecutive closed intervals, each b/;(x™") is a scalar
affine function of 27" such that, for each fixed 27", the triple (a;;,b/;(z7"),c/;) satisfies
the convexity and continuity conditions for p/(-,2™"). Note that under this setting, all the
functions pY (-, 27") have the same number of quadratic pieces, albeit with different breakpoints,
all of which are independent of 27”. Each vector e”’ is a concatenation of N subvectors

e"'t e R’ for v’ =1,..., N so that

N
It is easy to see that a tuple z* = (z**)V_, € X = H X" is a Nash equilibrium if and only if

v=1

N
a vector a* = (a*)_, € H O 0, (x™) exists such that
v=1

N
Z(x”—x*”’)Ta*”’ZO, V(x”)N e X;

v=1
v=1

i.e., * is a Nash equilibrium if and only if it is a solution to the multi-valued variational

inequality defined by the pair (X, ©), where

where 0,0, (z) is the subdifferential of the convex function 0(-,27") at . In general, © is not
monotone (see [3] for a simple example); thus no existing method is applicable to the latter
VI. In what follows, we discuss how an equilibrium solution to the above Nash problem can



be computed based on the equivalent formulation of each player’s nonsmooth optimization as
a standard convex quadratic program with auxiliary variables.

Before proceeding further, we should say a few words about each function p/, which is
a “multi-component composite piecewise quadratic function”. In the given form, the rivals’
variables 7" affects this function in 2 ways: one, through the expression (e*)Tz + f, which
is the first argument in p” (( viyTy fav ), and two, through the linear term in each
quadratlc piece of p/(-,™"). Note that both a/ ; and ¢;’; are constants: replacing the constant

7; by a function of 27" destroys the quadratlc feature of the overall function 6,(x); replacing
the constant ¢;; by a function of 27" has no effect on player v’s optimization; thus the essential
term is the hnear term of the quadratic pieces. An example of such a function p; is a firm’s
revenue function in a Nash-Cournot production game with piecewise linear prices, where each
f¥ = 0 and e"* is the vector with all components equal to zero except for the (v, i) component
which is equal to one so that (e”%)Tz + f = 2%, and where

pi(t,a™") = —tm(t+5;"Y), (12)

with §;" = Z xy ' denoting the sum of the rival firms’ sales in region ¢ and m; being the
v'#v
regional price that is a univariate, concave, decreasing, piecewise linear function of sales.
By Proposition 1, (11) is equivalent to

n, mf+1
minimize Z P/ (Yig,x™") + Z [% a; i (Yy )2+ (pz‘l:j)t/(a;‘/’j_lv z7) Yi;
i=1 j=1

subject to ¥ € XV
my+1 (13)
(ev )z + fr = Z yi, i=1,...,n,
=0
0 < af G Yig

0

and

} Vi=01,...,m},

IN

yi,j+1
where (p/7);(t,z7") = a/;t +b/;(z7") is the partial derivative of the j-th quadratic piece of
py(-,x™") with respect to t (thus p/(t,27") = Lalt? + blj(x™")t +¢;), and

=34
12 1 —

| @io ifj=0

al"y = 174 14 ‘f ; 14
i —opiog i j=1...,m;.

Note the presence of the rivals’ strategies in the constraints of the above optimization problem.
As such, the resulting Nash equilibrium problem is of the generalized type with player v’s
variables being (2", y"), where y” = (y;;). We first state the necessary and sufficient conditions
for an equilibrium solution of the game, which are obtained by concatenating the respective
Karush-Kuhn-Tucker (KKT) conditions of the individual players’ optimization problems (13).
For this purpose, we write

XY = {2 e R : Dz < d"},



for some matrix D¥ and vector d” of appropriate orders. Letting A” and i ; be the Lagrange
multipliers of the constraints D”2z" < d” and 0 < &/, —y/” ;» respectively, we obtain the KKT
conditions for the overall Nash game as follows: for all v=1,...,N,

0< v L Zniueu,u,i+(Du)T)\u

0< A L d“—DVa? >0
my+1

0= (e")l'a+f - Z vl

12 —UV 1% 1% 1% 12 . 14
0 = b/y(x )+ai,0?/z‘,0+#i,o—m‘ i=1,....n/ (19)

0<:U’10J-a yzO—O

v v / v —v v v v
0< Yimy+1 1 (pz',mgﬂ)t(ai,mgax ) + Comy+1Yimy+1 — >0 )

0<y’ L (ij)t,(aijl’x_y) +aly;—n +p; =0 7 =1,....,m¢

0 < 1 ay =y =20 1=1,...,n,.

Note the absence of the constants ¢ ;; in the above conditions. This confirms our previous
remark that these constants have no effect on the players’ optimization problems. We can con-
vert the above mixed linear complementarity problem into a standard linear complementarity
problem (LCP) by eliminating the variables y; o and n;” using the two equations:

my+1

yz‘l,/O = ( x+fy Z yZ,j

and
ng = blo@™)+alhyio+ 1o
my+1
= alyf¥ +b0(@™") +ay (e e — Z Yij | + 10
j=1
Substituting these expressions into the rest of the KKT conditions, we obtain, forv =1,..., N,

, my+1
0<az¥ L Zey’y’i aly [ +blo(z™") +aly | (e"") o - Z Yij | T Hio

_"_(DI/)T)\VZO
0< A L d¥—D%z" >0



my+1 )
OSMZ‘I,/OJ—ail,/o_(ey’i)Tx_fiV‘i‘ Z yi; >0

0<y/mi L (Piy,ngrl)t,(ang’ﬂ?_”) T 1 Yimr 1 — alof —blo(@™) t=1,...,n

mY 41
_az'l,lo (ey’i )Tx— Z yzyj —Mil,/o >0

L . Vs
0 <y L ®ia_,a7") +al;yi; —aly £ —blo(@™)—

my+1
EAVA v
—afy | (e )z — Z Yij | — Mot ni; =0
—1

0<uLal-y; =0

Handling the case where X is bounded, the sequential penalized Nash approach solves a se-
my+1

quence of Nash subproblems obtained by penalizing the constraints ("% )Tz + 1= Z yi ;=0

that contain the rival players’ variable x~". Specifically, let {py} be an arbitrary sequence of

N
positive scalars such that Zlim pe = co. For each ¢, let (2f,y"), where ¢ (ye » ) X be
V=

an equilibrium solution to a Nash subgame, wherein player v’s optimization problem in the
variable (z¥,y") for fixed ™" is:

n/ my+1
o e . 14 / 14 et 4 14
minimize E ylo, )+ { a;; yz,j) +(pi,j)t(ai,j—17x )yu}
i=1 j=1

my+1 2

’”Z Va4 fY — jzg Yij (15)

subject to ¥ € XV

0 avr. —y.”.
and Zj " } Vi=01,U..,m"
0 Yij+1

IN

IN

where p, > 0 is a positive penalty parameter. We may assume without loss of generality that
y! satisfies:

(G =y )yl =0, Yj=01,....mVi=01..n, (16)
There are two issues that need attention: (a) existence of each (xg,yz) for given py > 0, and
(b) convergence of the sequence {(zf,y")} when ¢ — co. The first issue is complicated by the

v

possible unboundedness of the variables y;, and yz”mly 41 (all the other yijfor j=1,....m;

10



are bounded), a situation that can be eliminated when each X" is bounded. The following
result formally addresses this issue.

Proposition 2 Suppose that X is bounded and that, for each x™¥ € X%, eachv =1,..., N,
and every : = 1,...,n/

v

inf p; (yz 05T V) > —00 (17)
Y; 0<azO
and
,nf [%a’iy,mi”Jrl (Y1) + (08w 1) (O s &) YY1 | > =00 (18)

Yimy 412

Then, for every p; > 0, there exists an equilibrium (xg,yz) to the Nash subgame where each
player v’s optimization problem is (15).

. — 2 / —
Proof. Since p;(y;5,27") and a¥ my U m vi1)” + (pfmi”ﬂ)t (a’;miy,x V)yZm;’Jrl are convex
quadratic functions of yi’:o and ylym;_, i1 respectlvely, whose linear terms are parameterized by

x~¥ belonging to the compact polyhedron X ™%, it follows that

inf f ) > - 19
L S (lfial pi (Yo, x™") 00 (19)
and
fyig;fy " inf <0 [%azm5+1 (Yime 11 )2+ (Pil,/m;.’+1)t/(04;‘/,m;m$7y) Yimyy1 | > —00 (20)
i,m;’«%l—

Fix p; > 0. For each integer k > 0, consider a Nash subgame wherein player v’s problem (15)
is augmented by the constraints: y;, > —k and v, < k. Such a game has an equilibrium
which we denote (z*,7*). By Proposition 1, it follows that

~ ~k,v\ ~k, . .
(a7 =9 )0 =0, Vji=01...,m{;Vi= 0,1,...,n). (21)

We claim that the sequence { (7 05 gk m +1)} and thus (z*,7%), is bounded as k — co. Fix any
(Z, %) such that for each v, the pair (z¥,y") is feasible to (15) with the augmented constraints.
We then have

n) my+1
~kyv ~k,— ~k, ~k,—v\ ok,
SR pr @l E Y [Sa, (R + eriel, 7B+
i=1 j=1
n, my+1 2
pe AT~k ~k
5 Z (euz) €T +fiy_ yz,]y
i=1 j=0
n, mY +1
k.—
< (yz07 V)+ |:% (yz]) +(pz,])( 1,7—1> & )yZ] +
i=1 j=1
n, my+1 2
pe T k,
E (61/111 xll+ Z vl v’ +fz Z yz,]
i=1 v'#v

11



Since the right-hand side is bounded, (19) and (20) imply that

my+1
viT' ok v ~k,v
sup | (e”") 2%+ fiV — Yii | < 00,
k =

which in turn yields
~k,v

~k,v
sgp Yi0 —i—yi,m;_,ﬂ‘ < 0.
From this and (21), the boundedness of {(g//\zkoy,g/]fngy +1)} follows readily. Therefore, the se-

quence {(z*,7*)} is bounded. It is easy to show that every accumulation point of the latter
sequence, at least one of which must exist, is a desired equilibrium asserted by the proposition.
O

Clearly, (17) and (18) hold if a/; > 0 and a/,,,» > 0 for all pairs (v,1); in the case where
either /' = 0 or a/,,» = 0, the (17) and (18) ilmpose some restrictions on the functions
blo(x™") and bi’fmﬂ(:c_’lj) on the set X~".

We next address the convergence of the sequence {(zf,y‘)} when £ — oco. To state the

optimality conditions for (15), we let A and uf ’j” be the Lagrange multipliers of the constraints
Dvz?” < d” and 0 < @/ i — Y, respectively, we obtain the Karush-Kuhn-Tucker (KKT)
conditions of (15),

n}, m¥ 41
0< v | sz (eu,i )Txﬁ + fz‘y N ?/f}: ey,y,i + (DV )T)\E,V > 0
=1 k=0

0< A 1 d¥—Dvat >0
m—+1 \
— L 8% Ly i
0 =b%@™") +aloy;o + miy + pe Zyzk — (et — f
k=0

L ~ Ly
0 < pp L ajy—ypn =0

mY+1
0 <yt 1 (p? )/(ay ) +aV Ly + Ly (eu,z’)TxZ — />0
S Yimr41 — Pimy 41t X my s imy+1Yimy 41 T PL Yik i | =
k=0
- !/
1= 1, e, Ny, J
m;-’—i—l
Ly ’ _ lv L viNT £ v Ly
0=y L (piljj)t(aiy,jfl’x ") +a;y;; + pe Yik — (e” )z — Thy 20
k=0
v ~ v
O<py Lo —vy 20
/
j:l’ amz‘ya 1 =1, y Ty

The next proposition establishes the boundedness of the sequence {(z’,y’, u)} under the
boundedness of the set X.

12



Proposition 3 Suppose that X is bounded. Then so is the sequence {(z’, 3¢, ue)}?‘;l.

Proof. The boundedness of {x‘} is trivial. Next we show the boundedness of {y‘}. In turn,
it suffices to show that, forall v =1,..., N andi=1,...,n),

lim inf yf’g > —oo and limsup yf’ZwH < 00.

f= o0 {— oo
By way of contradiction, assume that lim inf yf’g = —oo for some pair (v,7). Without loss of
{— oo ’
generality, assume that elim yf’oy = —o0. It then follows that yf’g < af) for all ¢ sufficiently
— 0 ’ I ’

large, which implies, by complementarity, that uf o = 0. Moreover, by (16), we have yfj" =0
for all j =1,...,m{ + 1. But this contradicts the equation

my+1
v —v v, 4, L, L, v,i v
0=b/(x™") +aloyiy + 1iy + pe yiw — (e")Tat =7 | (22)
k=0

Hence {yf’o'/ } is bounded. Suppose that lim sup yf’;,_, 41 = 0o. Without loss of generality, we may
’ {— oo T

assume that élim yf’;;yﬂ = 0o. Hence, by (16), we have yfj" =a};>0forall j=0,...,mf,
= oo by ) )

which implies, by complementarity,
my+1
VNIV —v v v Ly o wviNT, € rv E,V_O
(pi,j)t(ai,j—lvx )‘i‘az’,jyi,j—i‘Pe Z Yik (e”) "~ f; tup; = 0.
k=0

Finally, we need to show the boundedness of {uf;’} for all (v, i, 7). The boundedness of {u’Y
follows from (22). That of {uf;} for j =1,...,mY follows from the last two complementarity
conditions in the KKT conditions of (15). 0.

The next result shows that every accumulation point of the sequence {(zf,y)} is a Nash
equilibrium of the original game with piecewise quadratic costs.

Theorem 1 Suppose that the assumptions of Proposition 2 hold. Every accumulation point
of the sequence {x‘} is an equilibrium solution of the Nash game with the players’ problems
given by (11) for v =1,...,N.

proof. The equation (22) implies that

-m?+1 ] o0
v v,i\T 0 v
pe Y — (€)' 2" — f;
| k=0 1 )=
is bounded. Hence _
my+1
. v v,iNT £ v _
lim v, — (")t =f"1 =0
{—o00 P )

13



Define
ml’?+1

Ly _ ANT L L,
n" = pe | ()2t 4+ fY — Z Yik
k=0
For simplicity, assume that

lim (2,9 1 n") = (2%, y* p ")

£—00

exists. We have, for alli=1,...,n/,

mY+1
N = e+ g
k=0

and
(@ =y )uiyy =0, ¥j=0,1,...,mf.
From
ny my+1
0 = PEZ (ey,i )Txﬁ + fz‘y . yig}: eu,y,i + (DV)T)\E,V
i=1 k=0
0 < AoV | dv — DVt > 0,

we may assume without loss of generality that, for each v, the sequence {)\E’Vﬁ; is bounded,
and by working with an appropriate subsequence if necessary, that

lim A = \*

{—00

exists. Therefore, passing to the limit ¢ — oo in the KKT conditions of (15), we deduce

n,
0< 2% L Zn;,uey,u,i_f_(Du)T)\*,u >0
i=1

0< A 1 d¥Y—-DV%z*" >0
_ *,U *,U *,U
0= b)) +aoy,;p + iy —
*,V -~ *,l/ .
0 < pg Lafy—vyy =0 i=1,...,n)

*,—V

*,V v ! v s v *,V oY
Yimey1 L+ (Pi,myﬂ)t(%mg’ﬂ? )+ai,m3+1yi,mg+1 o =0

o
IN

0

IN

*,V / ,— * U kU *,U )
Yij 1 (pz‘l,/j)t(az‘l,/j—lv ) az‘l,/j Yij — M T >0 ji=1,....,mY
0<yp; L alj—y; 20 i=1...,n,

This shows that (z*”,y™") is an optimal solution of (13) with ™ = 2®™%. Thus z* is a
desired equilibrium of the original game. O
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